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Introduction

"The Selective Tuning model of visual attention (Tsotsos et al., 1995; Tsotsos, 2011)
predicts that spatial visual attention, for tasks requiring stimulus localization, has a
center-surround organization with the surround being suppressive.

"Evidence has accumulated that supports this (e.g., Cutzu & Tsotsos, 2003; Hopf et al.,
2006; Carrasco, 2011).

"The question of how the size of attentional suppressive surround is determined
remains.

"|f understood, the impact of experimental design as well as more practical applications,
such as Ul layout, would be significant.

Spatial selection component of the Selective tuning model
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It is necessary to consider the complexity of items to determine spacing between them.



